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Prediction Method of Dissolved Gas Concentration in
Transformer Qil Based on CEEMD-TCN Model
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Abstract ; The concentration of dissolved gas in transformer oil is an important indicator for understanding the operating
status of the transformer and judging whether the transformer is faulty. In view of the non-linear and non-stationary
characteristics of the dissolved gas concentration sequence in the oil ,the data training model directly will significantly
reduce the prediction accuracy,so a prediction method based on the combination of complete ensemble empirical mode
decomposition and temporal convolutional network is proposed. First, the original sequence is decomposed into
sub-sequence components of different scales,the temporal convolutional network is trained after preprocessing,and the
network hyperparameters are optimized, and the prediction results of each component are superimposed and recon-
structed to obtain the final prediction result. Experimental verification shows that the model has small prediction errors
and high prediction accuracy.
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