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SAR Image Target Classification Based on All Convolutional Neural Network

CHEN Yongsheng!', YU Lingjuan', XIE Xiaochun?
(1. School of Information Engineering , Jiangxi University of Science and Technology, Ganzhou 341000, China;
2. School of Physics and Electronic Information, Gannan Normal University , Ganzhou 341000, China)

Abstract: Convolutional neural network (CNN) has achieved good performance in the target classification of
synthetic aperture radar (SAR) images. In the CNN structure, the preceding layers are stacked by alternating
convolutional and pooling layers, while the latter layers are the fully-connected layers. The all convolutional neu-
ral network (A-CNN) is an improvement on the CNN structure, where the pooling and fully-connected layers are
replaced by convolutional layers. It has been applied in the field of computer vision. In this paper, a method of
SAR image target classification based on A-CNN is proposed. A comparison of the proposed method with CNN-
based method by use of the published MSTAR data set. The experimental results show that the accuracy of SAR
image classification based on A-CNN is higher than that of CNN,
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