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Multi-modd saf-learning control for turbine valving control
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Abgtract : For the problem that turbine valving control of synchronous generator faces practical challenges as nonlinear
characteristics and changing operation points, a multi-model self-learning control (MM SC) systemis proposed. Fuzzy
control rulesfor turbine valving control at variable operation points are derived from operation samples. Then afuzzy
clustering algorithm is employed to reduce variable operation points to typical points, and sub-model fuzzy logic
controller (FLC) is obtained. The control output of MMSC is the sum of sub-model FL C multiplying respective
weights which are decided by the matching degree of typical points using fuzzy logic. For the self-learning of sub-
model FL C, support vector machines are used to approximate fuzzy rules curve offlinefirstly , then a gradient descend
algorithm is used for online learning. Smulations show the capability of the proposed controller.
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