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A Neuro-fuzzy Classifier Based on Fuzzy Perceptron Model
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Absiract: For a neuro-fuzzy classifier, it’s unreasonable to partitwon the fuzzy sets of the same number for the differenc -
put {eares. In order to address this issue. fuzzy density is used here to partition the input feature reasonably . Injs Jata sets are

wsed to llusirate the effectveness of the propused scheme.
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Fig 2 Flow chart of fuzzy set learning algorithm
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Table 1 Classification result
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