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Sentiment Polarity Classification Based on ResNet and LSTM *

LIU Xing" ,YANG Bo,YU Yun
(School of Digital Commerce, Nanjing Vocational College of Information Technology , Nanjing Jiangsu 210023, China)

Abstract : People are used to sharing their lives, expressing opinions,and venting emotions on social platforms. Due to the large amount
of data and easy access,text data on social platforms have been widely used to analyze the emotional polarity of Internet users. There-
fore ,text sentiment analysis method is often used to judge and predict online public opinions. The traditional method of analyzing text e-
motion polarity does not adopt the deep learning technology,so the accuracy of the result of emotion classification is not high. An im-
proved LSTM short and long time series analysis method based on ResNet residual network is proposed. Experimental results show that
compared with traditional classifiers such as support vector machine and Naive Bayes,the classification accuracy of text emotion polarity
classification method based on improved ResNet and LSTM is improved to some extent. Compared with deep learning methods such as
LSTM and recurrent neural network ,the proposed method can obtain higher classification accuracy under the premise of ensuring opera-
tion efficiency. This method can be utilized to classify and predict the emotional polarity of text emotions on social platforms.
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