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Fig. 2 Three activation functions and three
wavelets from activation functions
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Fig. 6 Function approximation results
and errors with different tools
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ANALYSIS AND COMPARISON OF FUNCTION APPROXIMATION ABILITY BASED ON
WAVELET TRANSFORMATION, NEURAL NETWORK AND WAVELET NETWORK

Liu Zhigang, Wang Xiaoru, He Zhengyou, Qian Qingquan
(Southwest Jiaotong University, Chengdu 610031, China)

Abstract: Based on the analysis of inherent relations between wavelet transformation and neural network, the corresponding
wavelet functions can be constructed by the linear combination of different neural network aviation functions. As neural
network aviation functions, the wavelet functions are consistent with common neural network aviation functions. This paper
introduces wavelet network and gives theoretical analysis and comparisons of function approximation ability of wavelet
transformation, neural network and wavelet network. The wavelet network is considered as having distinct advantages. The
function approximation simulations for a typical function with these three means are done to support the conclusion.
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