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Transient stability assessment method for power system based on

Fisher Score feature selection
LI Peng,DONG Xinjian, MENG Qingwei, CHEN Jiming
(Department of Electrical Engineering,College of New Energy,China University of Petroleum,Qingdao 266580, China)
Abstract: In order to solve the problems of different correlation degrees between different electrical input
features and transient stability of power system and the obvious decrease of assessment accuracy rate when
the input features are interfered,a transient stability assessment method for power system based on Fisher
Score feature selection is proposed. A Fisher Score value calculation scheme of sample features for transient
stability assessment binary classification problem of power system is designed. Fisher Score value ranking
is used to effectively distinguish important features from redundant features, noise features from non-noise
features. The selected electrical features are input into different machine learning models for training and
assessment. The simulative results of New England 39-bus system and IEEE 145-bus system show that the
proposed feature selection scheme can effectively screen out the features of high importance in the tran-
sient stability assessment of power system,and improve the prediction performance of the assessment model.

Key words:electric power systems;transient stability assessment;feature selection;Fisher Score algorithm
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Table B1 Sample data construction method of New England 39-bus system simulation example
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noise
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Table C1 Comparison of accuracy between before and after Fisher Score
feature selection
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Table C2 Fisher-score values before and after adding noise interference
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Fig.C5 Broken line chart of accuracy vs. feature dimension obtained by
test of different classifiers after adding noise interference
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Table C3 Comparison of accuracy between before and after Feature
Scorefeatureselection after adding noise interference
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