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Abstract: A novel KPL S based network intrusion feature extraction and detection approach isput forward, anong
w hich KPL S serves as smultaneously a non-linear feature extractor and a decision maker. KPL S gpproach bears the
merits that it can not only extract orthogonal score vectors from explanatory variables, but also remain good
correlation w ith reponse variables T he feature extraction procedure and decision making procedure can be achieved
at one tme The novel method is goplied to an up-to-date L inux-hosted DS experimental systen and better
performance is attained in comparion to SYM and KPCR etc
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