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Abstract: Ant oolony algorithm is a novel category of bionic algorithm for optmization problens Parallel
computation mechanisn is adopted in this algorithm. A nt colony algorithm has strong robustness and is easy to
combine w ith other methods in optimization, but it has the Imitation of stagnation, and is easy to fall into local
optimums Firstly, thebasicprincipleof ant colony algorithm isintroduced Then, a seriesof scheneson mproving
the ant colony algorithm are discussed, and the nev applications are al provided Finally, some reanarkson the
further research and directions are presented
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