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Spacecraft test oriented pattern representation of time series
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Abstract; This paper proposed a method of piecewise linear representation of time series based on slope change threshold
(SCT). The algorithm calculated the two segments’ slope ratio of the certain point connecting with the two adjacent points and
then it combined the points with the line orderly. Detailed experiments on real datasets from various subsystems of spacecraft
show that STC, as the selected method , is simpler, has a higher degree of fitting and stronger adaptability than other methods of

piecewise linear representation.
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