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High-order biased factorization machine recommender algorithm
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Abstract: In recommender system, bias problem caused by different rating scales has always effected the predict precision of
collaborative filtering. Concerning this bias problem of matrix factorization, this paper proposed a high-order biased factoriza-
tion machine recommender algorithm. Firstly, it grouped users and items by their rating bias feature from real world, then inte-
grated them into the factorization machine, which provided the high-order interactions between the different biased users and i-
tems. The experimental results on MovieLens datasets demonstrate that the proposed algorithm has lower prediction error than

other traditional matrix factorization algorithms, which shows its better recommender peffefmel\
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