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Study for Mining Maximally Frequent Item Sets in Association Rule

LI Qing-feng"?, YANG Lu-ming’, ZHANG Xiao-feng’
(1. College of Information Science & Engineering, Centresouth University, Changsha Hunan 410083, China; 2. Dept. of Computer & Electronic
Engineering, Business College of Hunan, Changsha Hunan 410205, China)

Abstract Study the frequent item sets problem for association rule in large business database; propose an efficient new algo-
rithm MMFI in mining maximum frequent item sets. The idea of MMH is to divide database by level and divide candidate fre-
guent item sets by number. This algorithm is proved that it is efficient o reduce time in compute by mathematics and expri-
ments.
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/1 , , (1%),
(2)for i=t to 1 step-1;//
(3)do while D.item=i: // (1 000, 2 000, 4 000, 8 000) 1
(4)if D.transaction fitem;// D fitem (b) MMFI FP-
/i FP- ( ),
(5)skip; //
MMFI
(6)else
(7)if D. transaction = citem; / /citem .
/1 100 30 ra
(8) citem. count = citem. count + D. count; // D ,%75 5 ,%20 ;’; ;’j
/1 ite E i E L
crem £50[ ™, u 10 =
(9)else O L s SR B e 5
(10) add D. transaction to citem;// t citem 1 2 3 4 5 : 2 ‘;
(11) endif SCHRRE /% LA (k)
(12) skip —— I H MMFT 5% —=— ik FP - IR
(13) endif (a) SCHRIE (b)¥ Jetk:
(14) enddo N N +2 35 | for
(15) citem = organ( citem) : / / organ Kl 1 FP-RE LS MMFT 832 3R L
(16) citem =subtem( citem) ; // subtem
(17) endfor 4
(18) output fitem; /*
procedure organ( citem) ; /* citem
, fitem, citem
fitem , citem * MMFI M x n N X Cp' + N X
(1) scen citem; // C|t§m Cmt'l + +n, le’
(2)if citem.count= s; // citem
(3)if citem. items  fitem: / / citem fitem M + n( M
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(5) endif; '
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(8) endscan
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For each HTptr HT Sanptr do P2 , , Apriori
HTptr= HTSanptr Apriori
If Tptr HTptr. pid then ’ prion
Tptr , P
Tptr. count= Tptr. count + HTptr. count
Tptr. coe = Tptr.coe +HTptr. coe
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Tptr. pid = HTptr. pid
Tptr. count= HTptr. count Intel P4 1. 8GHz, 256 VB RAM, Windows 2000 Professional,
Tptr. coe= HTptr. coe http: //www. nefu. edu. cn
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