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Palm recognition based on new feature extraction method
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Abstract; By analyzing the existing methods of palmprint recognition and the problem of feature extraction, this paper pro-
posed a new palm image feature extraction and recognition method based on direct DSL PP. This algorithm added the class in-
formation into the traditional LPP and diagonalized both XLX and XDX" simultaneously. Achiered the optimize Fishers criteri-
on directly, without any feature extraction or dimensionality reduction steps on high-dimensional data (such as raw images).
Tested and evaluated the proposed method using the PolyU palmprint database. Experimental results show that DSLPP is more
powerful than Eigenpalm, Fisherpalm and LPP algorithm for palm feature extraction and recognition, and the recognition rate is
100% using the total images of 600 , a total of 100 people, each with five palmprint image as a training sample, a palmprint
image as a test sample.

Key words: palm recognition ; principal component analysis (PCA) ; linear discriminant analysis (LDA) ; locality preserving
projections ( LPP) ; supervised locality preserving projections ( SLPP); direct supervised locality preserving projections
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