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Research on prediction model of complaint based on deep learning
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Abstract: User complaints prediction model could effectively lower complaints rate of telecom users which was crucial for en-
terprise to improve customer satisfaction and competitiveness. During the process of model training, due to the defects of artifi-
cial design features and the unpredictable complexity in the design process, the accuracy of model prediction and the efficiency
of the design features couldn’t have a lot of ascension. For the above problems, this paper proposes a user complaints predic-
tion model based on deep learning. By deep network characteristics study session, the model could automatically study the sen-
ior nonlinear combination features from the original telecommunication users’ data which was suitable for classifier classification
and import high-level features into traditional classifier to improve the precision of the model. By analyzing the experimental re-
sults, in this paper, the prediction model’ s AUC index has increased by 7. 1% compared to previous user complaints model.
It has demonstrated that the effectiveness of the model automatic study features and availability of deep learning in telecom big

data domain.
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