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Survey on research of opinion spam in user-generated-content

YANG Feng-lei, LI Jian-hui
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Abstract; With the rapid development of Internet, Internet users are more inclined to express their concerns, views for the in-
terest topics and interact with each other in blog sites, ecommerce sites and other places by means of publishing articles, re-
views and other means. And a lot of valuable knowledge mined from the user-generated-content can be applied to many fields.
However, the contents which are uninvited, unrelated to the topics (e. g. advertising) or related to the topics but false in the
user-generated-content have serious impact on the results of mining, and produce bad results such as misleading internet users
and wasting resources and so on. Therefore, the research of opinion spam which is an important part of opinion mining research
is receiving unprecedented attention. This paper summarized the research of opinion spam from the features of the opinion spam

and the detection method for the opinion spam.
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