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Pattern Classification Method Based on Projection Pursuit and
Support Vector Machines

ZHAO Xiao-cui, WANG Lai-sheng
( College of Sience, China Agriculture University, Beijing 100083, China)

Abstract Based on the high performance of Support Vector Machine( SVM) in tackling small sample size, high dimension and
its good generalization, this paper proposed a pattem classification method based on Projection Pursuit( PP) and SVM. Through
applying PP based on RAGA, and the optimum projection direction and the value of project function can be obtained. Then the
SVM is used for classification. In the end, this nethod is used in commercial banks. The financial data specimens of 80 enter-
prises in 2005 are selected in our country to test this model, empirical results show that the new proposed nodel is more advan-

tageous than neural network model.
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