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Automatic summarization method based on thematic term set
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Abstract; This paper proposed an automatic summarization method based on thematic term set for automatic extracting ab-
stracts from Chinese documents. According to the extracted thematic term set, the method calculated the sentence weights by
the weights of the thematic terms, then got the corresponding total weight of each sentence, and selected several sentences with
higher weight by percentage, and finally, output the summarization sentences by original order. Experiments were conducted
on HIT IR-lab text summarization corpus, and utilized intrinsic automatic evaluation measures to evaluate the performance of
the proposed method. Experimental results show that the proposed method achieves 66.07% upon the F-measure, which sug-

gests it can generate higher quality summarization, nearly to the reference abstract, achieving very good performance.
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