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Research on image mosaic optimization algorithm based on SIFT feature detection

DANG Jian-wu, ZONG Yan, WANG Yang-ping
(School of Electronics & Information Engineering, Lanzhou Jiaotong University, Lanzhou 730070, China)

Abstract; In complex scenes, the traditional image match optimization algorithm was low efficiency, and motion ghosting was
often contained in the merged image. In order to solve these problems, on the basis of the SIFT algorithm, this paper adopted
a new method of clustering to pre-screening feature points, then used RANSAC algorithm for purifying feature points accurate-
ly. About image fusion, based on feature point, it proposed an improved methods which combined the best suture line and
multi-resolution method. Experiments prove that, the improved algorithm which is efficiency, can effectively remove the ghos-

ting.
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