27 5% 1 WHE R A AR Vol. 27 No. 1
2010 1 A Application Research of Computers Jan. 2010

SEBEREFTEER

la s 1b 2
OB, #ml Mk
(1.ZEFEXFR WA a HEHEAET; b. AFHLHEAE, XX 430019; 2. BHAHFHRKRF FELRAASF
W, K 410073)

B E. RETAHSHMERELEOMRIAR SR T FERab T2 27 b LS B L EA Y B
EFTMBETRPRALICELERE LT FH S ARFRELRE,

KEER. SHEHE, BE;, TN
RESZES. TP392 XHFRERG . A
doi:10.3969/j. issn. 1001-3695.2010. 01. 006

XEHS: 1001-3695(2010)01-0023-04

Survey of clustering algorithms for high-dimensional data

HE Ling", CAI Yi-chao, YANG Zheng’
(1. a. Computer Science Teaching & Research Section, b. Automation Teaching & Research Section, Fourth Department, Air Force Radar Acade-
my, Wuhan 430019, China; 2. School of Information System & Management, National University of Defense Technology, Changsha 410073,
China)

Abstract: This paper provided a survey of current clustering algorithms for high-dimensional data at first, then made a com-
parison among them and identifized the new direction in the future , which was the combination of subspace clustering and other

typical clustering methods.
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