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Abstract Text Mining, also known as intelligent text analysis, text data mining or Knowledge-Discowvery in Text ( KDT), is
a rapidly emerging field concemed with the extraction of concepts, relations, and implicit knowledge fromtexts. As most infor-
mation ( over 80% ) is stored as ext, text mining is believed to havwe a high commercial potential value. Firstly, this review
paper discusses the research status of xt mining, then it lays out the framework of text mining and analyses techniques of text
mining, such as feature slection, automatic abstracting, text categorization, text clustering, text association, data visualiza-
tion. In the end, it shows the importance of text mining in knowledge discovery and highlights the upcoming challenges of text

mining and the opportunities it offers.
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