%30 5% 2 2 it HE R R AR Vol. 30 No. 2
2013 %2 A Application Research of Computers Feb. 2013

ETRAEEMREENRMU X FRAENHAE"

T, e
(1.3 FIRFRAKRSE, 7 AFH 125105; 2. T TFomL T X 2FFHFER, TF FIA 113001)
OB WIHGENLLFR B G L e T, ELEEX L P, Wb F ik BTz 8
EHRIFOEN, M AT BEIFGES T, ERIFGEIEAF ER B IMAFRE TR A5 KA
TSR AR #oh R R AT AR BRI, AT BRI S E BT —F A TROEMESEE
B B EN, TR T LGB B R T EOEMERE R, AR RGN GERRT RE 6
BMEEE  MERAANARKIETFITRTE, REAEA Ao L, FRIEN, ZENR I HGEag 5 R EER T
GEATR G T A0k w0
KB BMELEE; IFGEN; REIFaEN; X5 %
hE4H%RE: TPIS MERIRERG: A XEHS: 1001-3695(2013)02-0432-04
doi:10.3969/j. issn. 1001-3695.2013.02. 031

Research on fuzzy twin support vector machine

based on hybrid fuzzy membership
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Abstract; As a new version of support vector machine( SVM) , twin support vector machine( TWSVM) is proposed recently.
TWSVM is not only more faster than a conventional SVM, but shows good generalization for pattern classification. But the
different effects of the different training samples on the classification hyperplanes are ignored in TWSVM , and the limitation is
existed for some actual applications. Therefore, this paper presented a fuzzy twin support vector machine based on hybrid fuzzy
membership. It designed a fuzzy membership function combined distance with affinity, and modified TWSVM by applying the
fuzzy membership to every training sample. Finally it built two optimal nonparallel hyperplanes to achieve classification. The

experiments indicate that the classification performance of the algorithm is more superiorer than a traditional TWSVM.
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