25 8 Vol. 25 No. 8
2008 8 Application Research of Computers Aug. 2008

Kriging

*
1 1 1 1 1 2 2
(1. : 100871; 2. : 100050)
Kriging ,
] ) K'D
, , Kriging
Kriging ; ; ; ; K-D ;
: TP391 A : 1001-3695( 2008) 08-2554-03

Research on application of Kriging in construction of
three-dimensional property model about water content

YAO Ling-qing', PAN Mao', QU Hong-gang', LAN Xiang-rong', CONG Wei-ging', LIU Xue-ging’, YU Chun-lin®
(1. Key Laboratory of Orogenic Belts & Crustal Ewlution of Education Ministry, Peking Uniwersity, Beijing 100871 China; 2. Beijing Bureau of
Geology & Minreral Prospecting, Beijing 100050, China)

Abstract Kiriging algorithm builds varation model of regional variables and through which seeks for best linear unbiased esti-
mator ( BLUE) of unknown property. This paper combined with application of constructing 3D property model of water content
within a certain engineering geological body, emphasized analyzing variation of regional variable under 3D circumstance, and
adopted K-D tree o acquire neighborhoods quickly. Resolved negative weights during interpolation by linear program. The re-
sults show that 3D Kriging behaves better than 2D Kriging based on dividing layer for consideration of anisotropy and different
scales on variation model.
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, (C++ ) :
struct KDNode_Base
{ enum { NODE, LEAF} tp;}//
struct KDNode : public KDNode_Base
{
size_t dividing_dim; //
float dividing_val; //
struct KDNode™ Ichild; //
struct KDNode™ rchild; / /
H
struct KDLeaf : public KDNode_Base
{ Point* pnts;} //
/1
Range_Query( KDNode_Base” kdn, float lo[ 3], float hi[ 3] )
{
if(kdn > tp = = KDNode_Base: : LEAF) {
/1
GetNeighbors( KDBLeaf* ( kdn) , float lo[ 3], float hi[ 3] ) ;
} else{ KDNode™ tmp = ( KDNode™ ) kdn;
size_t dim = tmp- >dividing_dim;
float dva = tmp- > dividing_val; //
if(hi[ dim] < dvalll lo[ dim] < tmp-> dval)
Range_Query( tmp- > Ichild, lo, hi) ; //
if(hi[ dim] > =dval || lo[ dim] > =dval)
Range_Query( tmp- > rchild, lo, hi) ;}
}
2.2.3
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