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Dimension reduction algorithm

based on locality and discriminant characteristics
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Abstract; This paper proposed a dimension reduction algorithm based on LPP and LDA, which not only utilized that LPP
could preserve locality, but also took into account that the LDA made the data more discriminant and thus made classification
mare easier. The proposed algorithm was linear, which could map the out of sample data to the target space easily. Experi-
ments in face recognition validate the correctness and effectiveness of the algorithm.
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