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Hyperspectral unmixing algorithm based on Lagrangian
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Abstract: For mixed pixel decomposition error presents, this paper proposed an hyperspectral unmixing optimization algorithm
based on lagrangian algorithm. Through simplex identification via split augmented Lagrangian algorithmed extract, it endmem-
bers. Because endmembers subset had similar endmembers and similar endmembers had an impact on the accuracy of spectral
unmixing, it used spectral information divergence based on gradient algorithm for spectral discrimination to remove similar end-
members. By sorting the resulting endmember, followed by additional endmembers ,endmembers met the criteria would add in-
to endmember groups and the resulting optimized endmembers would achieves. This method effectively removes interference of
similar end, and no longer need to search combinations of endmembers. Each endmembers corresponding to the importance of
the number of mixed will use in non-restricted least squares calculation,and more precise subset of hyperspectral endmember

wil achieve. Efficiency and reliability of hyperspectral unmixing optimization algorithm will improve.
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