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Monaural speech enhancement algorithm based on deformable convolution

Tai Wenxin, Wang Yixiang, Li Sen, Lan Tian, Liu Qiao
(School of Information & Software Engineering, University of Electronic Science & Technology of China, Chengdu 610054, China)

Abstract; In order to improve the information processing ability of the model in complex scenes, this paper proposed a dynam-
ic selection mechanism based on attention,which selectively allocated weights according to the current information, effectively
fused the feature outputs of deformation convolution and ordinary convolution,and adaptively balanced deformable convolution
and standard convolution,so as to improve its representation ability. In addition, the learning ability of the model is further en-
hanced by means of iteration without additional parameters. It used seven different kinds of noises from Noise-X92 in TIMIT
corpus ,and carried out experiments in various SNR environments. The results show that the proposed algorithm outperforms oth-
er recent deep learning algorithms in terms of intelligibility and speech quality,regardless of SNR and whether noise appears in

the training data set.
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Fig. 1  Deformable convolution
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分别对应公式12，13的左半部分，\hat{h}^{l}和h^{l}
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