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Research on DBN-based continuous speech recognition and phoneme segment
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Abstract This paper described a dynamic Bayesian network ( DBN) based technique on continuous speech recognition. The
word recognition accuracies and phoneme segnent accuracies of the DBN based system ( implemented using the graphical mo-
del tool kit) were compared with those from classical HMIM. Results show that under various SNRs, DBN based system and
HMM based system has similarity performance for speech recognition and phoneme segment, especially in much loner SNR cir-
cumstance, DBN get even much better performance than HMM.
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