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Application in creditrating evaluation based on BP neural network

MENG Fan-chao, ZHANG Hong-wei, XU Jian
( College of Conputer Sience, Sichuan Uniwversity, Chengdu 610065, China)

Abstract This paper presented a new credit rating evaluation algorithm by combining genetic algorithm and back propagation
(BP) nreural network. It not only conquered the denerits such as long time net-training and easily running into local optimum
in traditional BP network, but also improved the convergent efficiency of network by using GA. The model was implemented
with C#. NET and SQL sernver 2000. The rationality of experinent results indicate that BP-based neural network can evaluate
corporations accurately and efficiently by credit rating.
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