% 28 K% 5 M it AL R R AR Vol. 28 No. 5
2011 5 A Application Research of Computers May 2011

EAEMZRAMRIPEBEZE AT EER
%32 ﬁzla,z’ % %n}

(1. Ao K% a 3 AP, b @2 52 6 TSR, &% 210003; 2. i FAR K F At es 145

K, Tk 4RI 212003)

i E., LFRE AT F AR AR HIEID I (privacy-preserving data mining, PPDM) # 47 7 X Z#F &%, & A
WA RR R BT B AAR T @, Ao £ E KRN E RELZERLEL S FTHIEF AT
WL, EETAANETREIWERRG T E , 0T HARREAdr b JFENAM EIEE T PPDM #H RSB A
ety 7 @1,

KEEIE . FEARY, BB, RESmE; 24558
RESHES . TP31I MXERARSED . A XERS:
doi;10.3969/j. issn. 1001-3695.2011. 05. 004

1001-3695(2011)05-1614-04

Survey of privacy preserving data mining methods

based on homomorphic encryption

QIAN Ping'*?, WU Meng'”
(1. a. College of Computer Science, b. College of Telecommunications & Information Engineering, Nanjing University of Posts & Telecommuni-
cations , Nanjing 210003, China; 2. College of Computer Science & Technology, Jiangsu University of Science & Technology, Zhenjiang Jiangsu
212003, China)

Abstract; In recent years,researchers at home and abroad have done much work on privacy-preserving data mining( PPDM) ,
so summarizing the research results timely can make research directions clear. This paper surveyed the general PPDM methods
based on homomorphic encryption and analyzed their theories and characteristics. Finally, discussed future research directions

on PPDM.
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