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Abstract Multi-bbjective optimization problems always have large and complex search space. Using traditional exact methods
lve multi-objective problems may results high time-complex. To solwve the problem, the Particle Swarm Optimization( PSO)
algorithm was used. The algorithm used e-dominance method. During experiment, it has better results than CMOPSO, at the
same time, itruns fast, and the optimal solutions can be controlled.
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