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Multi-objective particle swarm algorithm based on fuzzy-learning sub-swarm
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Abstract: To improve the local search ability of the MOPSO , this paper put forward a new fuzzy learning sub-swarm multi-ob-
jective particle swarm optimization (FLSMOPSO). In the searching process, each particle in the swarm could have linear re-
gressive p particles by self-adaptive learning to form a sub-warm rather than a single particle. Then selected a fuzzy satisfied so-
lution particle as the new position of the particle. Comparative analysis to the two typical algorithm shows that the new algorithm

have prominent advantages.
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