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Abstract The paper discusses the application of Principle Component Analysis (PCA) in image’ s feature attributes

reduction. After PCA pre-processing, Rough Set theory was introduced, and its application in characterized parameters’

attribute optimization was also explored. The unnecessary atiributes were eliminated with an attribute reduction algorithm.

The inner redundancy of CBIR was revealed. The result of atiribute reduction using UCI dataset proved the algorithm can

exclude the influence of unused attributes and d the
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plexity of CBIR effectively.
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Tab.1 Total variance explained

A
RS $HEM
SEFREEHE  HRERE
1 7.645 42.472 42.472
2 3.183 17.4685 60. 157
3 1.870 10.389 70. 546
4 1.177 6.536 77.082
5 1.024 5.689 82,771
6 0.762 4.235 87.005
7 0. 617 3.429 90.434
8 0. 545 3.028 93. 462
9 0.485 2,692 96. 154
10 0.325 1.804 97.959
i1 0,230 1.280 99238
12 0.097 0. 541 99. 779
13 0.039 0.219 99. 999
14 0.000 0.001 100. 000
15 3.41E-015 1.90E-014 100. 000
16 2.38E-015 1.32E-014 100. 000
17 1.21E-015 6.71E-015 100. 000
18 5.91E-016 3.28E-015 100. 000

BHTREEAE, AXEREH U AR, TR
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Tab,2 Component matrix
85
MEB &
1 2 3 4

REGION-CENTROID-COL 0.011 -0.149 0.106 -0.605

REGION-CENTROID-ROW  -0.539  0.069 0,489 0.054 .
SHORTLINE-DENSITY-5 ~0.037 -0.003 0.430 0.636
SHORTLINE-DENSITY-2 0.148 0.47F 0.007 0.522
YEDGE-MEAN 0.144  0.785 0.000 0.032
VEDGE-5D 0.103  0.881 0.018 -0.202
HEDGE-MEAN 0.142  0.844 0.067 -0.017
HEDGE-SD 0.107 0.83¢ 0.034 -0.213
INTENSITY-MEAN 0.969 -0.096 0.174 -¢,029
RAWRED-MEAN 0.961 -0.106 0.171 -0.032
RAWBLUE-MEAN 0.984 -0.085 0.119 -0.014

RAWGREEN-MEAN 0.947 -0.098 0.239 -0.044

EXRED-MEAN -0.858 -0.01% -0.165 -0.003
EXBLUE-MEAN 0.905 -0.004 -0.238 0.083
EXGREEN-MEAN ~0.641 0,022 0.580 -0.138
VALUE-MEAN 0.977 -0.088 0.159 -0,018
SATURATION-MEAN ~0.599 0.025 -0.470 0.084
HUE-MEAN ~0.510 -0.057 0.795 -0.079
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