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Comparison of two EM algorithms for Gaussian mixture
parameter estimation
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Abstract: Gaussian mixture is a typical and widely-used non-Gaussian probability density distribution model. The
expectation-maximization algorithm is a usual iterative realization for the maximum likelihood estimation of its para-
meters. However, its performance depends highly on the initial values. And it can not estimate the order of Gaussian
mixture. The greedy expectation-maximization algorithm can solve these problems by incrementally adding Gaussian
components to the mixture. But its operation quantity is often much larger than the former. The relationship between
these two algorithms is discussed, and their concrete realization methods are given comparatively. With the same nu-
merical instance, their performance differences are illustrated and studied.
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