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authenticity of agricultural products, which provides technical and theoretical basis for the traceability of
geographical products and regional characteristic products. Near infrared (NIR) is widely used in geographical origin
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traceability of agricultural products due to its characteristics of simplicity, green, high efficiency and accuracy. This

paper briefly summarized the principle and characteristics of NIR spectroscopy technology, and enumerated its

current situation in researches on geographical origin traceability of agricultural products including fruits, grain and

edible oils, and pointed out the corresponding problems and prospects in the future research on NIR based

geographical origin traceability of agricultural products, in order to provide references for the further application of

near infrared spectroscopy in the origin traceability of agricultural products.
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